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Why not in psychology?

1. Focus on in-sample performance 2. Lack of openly available data

Item Response Warehouse ' RCT BeIICh

A curated public collection of randomized controlled
trials for evaluating covariate-adjustment methods.
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Takeaways
1. Psychology is ready for benchmarking
2. Let’s not limit ourselves to one way of investigating methods
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Resources

. All icons either from PowerPoint or fontawesome
. https://fontawesome.com/icons/bluesky
. https://fontawesome.com/icons/glasses

https://fontawesome.com/icons/code

https://fontawesome.com/icons/dna

https://fontawesome.com/icons/classic/solid/magnifying-glass

Python Software Foundation. (n.d.). The Python logo. https://www.python.org/community/logos/ (PSF Trademark Policy)

. Rob Hyndman - https://robjhyndman.com/hyndsight/m4comp/

Steni Sebastian - https://medium.com/@ssteni/imagenet-what-why-and-how-e5ebed04abb5

R Foundation for Statistical Computing. (2016). R logo. https://www.r-project.org/logo/ (CC-BY SA 4.0)

James Grellier - Own Work, CC BY-SA 3.0, https:
Marcin Wichary from San Francisco, U.S.A. - [1]JUploaded by Partyzan_XXI, CC BY 2.0, https://commons.wikimedia.org/w/index.php?curid=8198235

Carbon (https://carbon.now.sh/) for pretty code screenshots

The Splintered Mind - https: hwitzsplinter: m/2021/02/adversarial- ration.htm

Sandbox Studio Artwork - h

Registered Reports graphic: Centre for Open Science, https://cdn.cos.io/media/images/registered_reports.width-800.png



https://fontawesome.com/icons/bluesky
https://fontawesome.com/icons/dna
https://www.python.org/community/logos/
https://robjhyndman.com/hyndsight/m4comp/
https://www.r-project.org/logo/
https://commons.wikimedia.org/w/index.php?curid=10253357
https://carbon.now.sh/
https://schwitzsplinters.blogspot.com/2021/02/adversarial-collaboration.html
https://www.symmetrymagazine.org/article/the-facts-and-nothing-but-the-facts?language_content_entity=und

Resources

Except where otherwise noted, the content of these slides is licensed under a
Creative Commons Attribution 4.0 International License. Third-party media,
personal images (headshots), logos, and external graphics are property of their
respective owners and are excluded from this license.




