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Statisticians ... often pay too little
attention to their own principles of design
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Overall: Issues similar to other empirical research
Boulesteix et al., 2020
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Good simulation studies are not given the
respect they deserve. Often the design is
perfunctory and simplistic [...] and results
are over-generalized.
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Less but the same? Methods for
Reducing the Size of Simulation
Study Designs

Design of experiments for
simulation studies: Comparing
strategies using surrogate models




Incentivizing cumulative simulation research




Incentivizing cumulative simulation research

Living Synthetic Benchmarks:
A Neutral and Cumulative Framework for
Simulation Studies

Frantisek Barto§ © !, Samuel Pawel © 2, Bjorn S. Siepe © *




Incentivizing cumulative simulation research

Separate Studies (Status Quo)

Paper 1
(new method)

Living Synthetic Benchmarks:
A Neutral and Cumulative Framework for
Simulation Studies

Frantisek Barto§ © !, Samuel Pawel © 2, Bjorn S. Siepe © *




Incentivizing cumulative simulation research

Living Synthetic Benchmarks:
A Neutral and Cumulative Framework for
Simulation Studies

Frantisek Barto§ © !, Samuel Pawel © 2, Bjorn S. Siepe © *

Separate Studies (Status Quo)

Paper 1

(new method)

Paper 2
(new method &
simulation)

Method
A

Method
A

Method

DGM 2

Simulation study 1

=

Comparison not possible




Incentivizing cumulative simulation research

Living Synthetic Benchmarks:

A Neutral and Cumulative Framework for
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I Samuel Pawel

2, Bjorn S. Siepe
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B Type of data-generating mechanism

parametric  parametric  resampled
customized based on data
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Computer Vision/ML Forecasting Biostatistics

Robinson and Vitek Genome Biology (2019) 20:205
https://doi.org/10.1186/513059-019-1846-5

Benchmarking comes of age

Mark D. Robinson'" and Olga Vitek?**

Why not in psychology?

1. Lack of openly available data 2. Focus on in-sample performance
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Resources

All icons either from PowerPoint or fontawesome

. https:/ /fontawesome.com/icons/bluesky

https://fontawesome.com/icons/glasses

. https://fontawesome.com/icons/code
. https:/ /fontawesome.com/icons/dna
. https:/ /fontawesome.com/icons/classic/solid/ magnifying-glass
. Python Software Foundation. (n.d.). The Python logo. https:/ /www.python.org/community/logos/ (PSF Trademark Policy)
. Rob Hyndman - https://robjhyndman.com/hyndsight/m4comp/
. Steni Sebastian - https://medium.com/@ssteni/imagenet-what-why-and-how-e5ebed04abb5
. R Foundation for Statistical Computing. (2016). R logo. https://www.r-project.org/logo/ (CC-BY SA 4.0)

James Grellier - Own Work, CC BY-SA 3.0, https:
. Marcin Wichary from San Francisco, U.S.A. - [1]Uploaded by Partyzan_XXI, CC BY 2.0, https://commons.wikimedia.org/w/index.php?curid=8198235

. Carbon (https://carbon.now.sh/) for pretty code screenshots

The Splintered Mind - https://schwitzsplinters.blogspot.com/2021/02/adversarial-collaboration.html

. Sandbox Studio Artwork - https://www.symmetrymagazine.org/article/the-facts-and-nothing-but-the-facts?language_content_entity=und

. Registered Reports graphic: Centre for Open Science, https://cdn.cos.io/media/images/registered_reports.width-800.png
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