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The Solution: openESM
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Why This Matters for SEM Research

R—I

Ready-made data for Dynamic SEM

Intensive longitudinal structure for DSEM, mIVAR, network models

33 a c
Measurement Invariance Model Comparison Replication
Test factor structures across Benchmark models on Validate findings across

datasets and populations diverse real-world data independent samples



Live Demo

About Datasets Search Documentation

Home

A database of open experience sampling
datasets

OpenESM is a database of harmonized openly available experience sampling
datasets. The platform enables easy reuse of datasets with consistent and detailed
metadata standards to advance reproducible research into daily life.

Start Exploring Datasets
o
-

60 16.000+ 100+

Datasets Individuals
Explore our growing Obtain insights from Investigate a diverse
thousands of participants. range of psychological
variables.

collection of datasets.



https://openesmdata.org
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1. Cleaning 2. Harmonization
Harmonized NAs, removed Same variable names for
redundant columns same questions
E.g., standardized ID, beep, day E.g., “depressed” across

datasets
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1. Cleaning 2. Harmonization 3. Annotation
Harmonized NAs, removed Same variable names for Hierarchical construct tags
redundant columns same questions

E.g., “angry” — anger, negative
E.g., standardized ID, beep, day E.g., “depressed” across affect
datasets
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What’s inside
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What’s inside

C. Sampling Frequency D. Data and Timestamp Availability
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Architecture Behind It

FRONT-END BACK-END
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correlation of positive and
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Example Analysis

+ Question: Within-person
correlation of positive and
negative affect

« Sample: 39 datasets, 8,456
individuals, 529K observations
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Example Analysis

ndvduals MV Conlation [95% C1)
H H H Johannes (2021)  —e— | 7 221 07510900441
. '

Question: Within-person Vg (033 o m omtemen
Neubauer (2020) —e— ! 392 176 067[-086,-030]
. A Flueckiger (2014) —e— | 7 296 -065[086,028]
correlation of pos|t|ve and Geschwind (2013) —e— | 128 o ossloss 0zs)
Dejonckheere (2019) —e— | 100 87 064[:085,-025]

Koval (2013) ~—e— ! 100 87 -064[085.-025)

g Neubauer (2024) —e— o 408 064[:085,-025]
negative affect ol 0029 —— | i ososwom
Grommisch (2020) —e— | 179 1643 063 -084,-024]
van Halem (2020) ~—e— 82 419 062[-084,-023]

Soyster (2022) —e— 33 108 -061[084,-020]

« Sample: 39 datasets, 8,456 Pova (2017)  —e— | » ms  ostossonl
> ) Fisher (2017) ~—e—— | 40 6 -059-083,-018]

. . . Fisher (2019) ~ —e— 51 1045 059083 -018]
|nd |V|dualS 529K ObS t van Woerkom (2022) ~ —e—— ! 162 312 056[081-013]
) e rva I 0 n S Rowland (2020) ~—e—— 125 1726 054 080,011

Stderberg (2024) ~ —e—— | 276 176 -0531:079,-010]

Mostajabi (2024)c ~ —e——! 289 286 -053079.-009]

. Kuppens (2016) ~ —e— 95 602 -049[:078,-004]

° Result: Pooled r = —0,49 [950/0 CI. Blanke (2020) ~ —e—! o 481 048[.077.-002]
Reeves (2020) ~ ——— 20 1088 -046-077,001]

Habets (2020) —_— 20 7 046[077,001]

_ O 54 _ 0 42] Stevens (2020)  —e—— 125 313 046[076,000]
M b N Scharbert (2023) —— 1911 473 045[-075,001]

Bosley (2019) — 94 252 044 [075,003]

Mostajabi (2024 )a —— 319 551 043(074,003)

Ryvkina (2023)a ~ —e— 201 007 043[074.004]

Beck (2022) ~ —e— 182 473 043[074,004]

Ryvkina (2023)b —— 1353 451 041[:073,005]

Mostajabi (2024)b —— 313 368 040(:072,007)

Hensel (2023) — 86 287 -038(:072,010]

Gainey (2023) —_— 346 345 032[-068,015]

Drukker (2020) —_— 23 522 -030(067.020]

Wang (2016) —— 57 998 0170059,031]

Wright (2017) — 234 1244 -008[-052,039]

Hawks (2023) — 121 251 008[-052,0.40]

Wright (2019) —_— 94 a5 006[-041,051]

Wang (2014) : 10 18 026[026,067]

Overall Pooled Effect . 049054, -042]

10 05 00 05 10 14

Correlation



Example Analysis

Individuals Average  Gorreiation [95% CI]
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° Result: Pooled r - —0,49 [950/0 CI. Blanke (2020) ~ —e—! 70 481 048(-077.-002]
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Example Analysis

Question: Within-person
correlation of positive and
negative affect

Sample: 39 datasets, 8,456
individuals, 529K observations
Result: Pooled r = —0.49 [95% Cl:
—0.54, —0.42]

Design insight: More prompts/day
> stronger negative correlation
Robustness: Stable across 12
preprocessing/modeling choices

Johannes (2021)
Menghini (2023)
Neubauer (2020)
Flueckiger (2014)
Geschwind (2013)
Dejonckheere (2019)
Koval (2013)
Neubauer (2024)
Kullar (2023)
Grommisch (2020)
van Halem (2020)
Soyster (2022)
Pavani (2017)
Fisher (2017)
Fisher (2019)
van Woerkom (2022)
Rowland (2020)
Soderberg (2024)
Mostajabi (2024)c
Kuppens (2016)
Blanke (2020)
Reeves (2020)
Habets (2020)
Stevens (2020)
Scharbert (2023)
Bosley (2019)
Mostajabi (2024)a
Ryvkina (2023)a
Beck (2022)
Ryvkina (2023)b
Mostajabi (2024)0
Hensel (2023)
Gainey (2023)
Drukker (2020)
Wang (2016)
Wright (2017)
Hawks (2023)
Wright (2019)
Wang (2014)
Overall Pooled Effect -
10 05 00 05 10

Correlation

G

Individuals
7
126
302
7
129
100
100
27
105
179

Average
Timepoints
221
137
176
296

1007

451
368
287
345
522
998

1244
251
915
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Correlation [95% CI]
075[-090,-044]
070[088,-035]
-067[086,030]
-065(:086.-028]
065085 -028]
-064085,025]
-064(085.-025)
-064[085,-025]
063(084,-024]
-063:084,-024]
-062[084,-023]
061[:084,-020)
060083 020]
-059(-083,-018]
059083 018]
-056[081,013]
-054 (080,011
-053[079,0101
-053(079.-009]
0491078 -004]
048[077.-002]
-046[077,001]
-046[077,001]
0.46[-076,000]
-045[:075,001]
-044[:075,003]
-043[074,003]
-043[074,004]
-043(074.004]
-041[073,005]
040[:072,007)
-038[:072,010]
-032[068,015]
-030(067.020]
-017[:059,031]
-008[-052,039]
-008[052,040]
006[041,051]
026[:026,067)

049[054,-042]
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Community
Involve researchers, expand
non-WEIRD data
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Community Data & Metadata Software
Involve researchers, expand Extend coverage and Add benchmarking and
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& S gl
Community Data & Metadata Software
Involve researchers, expand Extend coverage and Add benchmarking and
non-WEIRD data documentation filtering tools

Goal: Turn openESM into a continuously evolving community resource for
cumulative ESM research
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Thanks to the team

Anabel Biichner

Yong Zhang Eiko Fried Daniel Heck 16



Get In Touch

Paper & Slides
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